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Overall Train Test
Train_ Tost
N 21385 9165 10692 4582 4583
Agelyears) 61.41:£1203 6128+1203 03842 60511236 62321162 <0001 60461247 62.1£11.52 <0001
Height (cm) 159.7149.39 15068+942 07972 159.8+9.56 159624922  0.1479 15974951 159664933 08326
Weight (kg) 58341135 5836%1144 06759 58141152 585141118 00086 57981145 5875%1141 00013
Fiber (gm) 14.38+10.32 14381046 0955 9.02:+455 1975116 <.0001 905+44 19711194 <.0001
Potassium (mg) 31196186798 312413192172 08493 21188590028 412026204091 <0001 21199986893 41280421482 <0001
Calcium (mg) 6154655125 623065653 0278  41183%326.75 8190764659 <0001 41559432744 830.48+667.73 <0001
Magnesium (mg) 32993:+17422  33019%180.78 09067  237.84+9261 4220218754 <0001 23718835 42327120056 <0001
Phosphorus (mg) 115407468099 11600868888 04815 818.15+34065 1489.96::76537 <0001 82058433444 1499577897 <0001
Iron (mg) 879482 882507 06534 622227 113653 <0001 624223 114575 <0001
Zinc (mg) 854433 854+433 04188 63211 10.7£483 <0001 635212 10.74:£484 <.0001
Copper (mg) 128064 129+067 0451 095+0.33 16107 <0001 095+033 162+0.76 <0001
Protein(%) 14.46+2.76 14494272 04571 1368%25 15244279 <0001 1371%25 1526427 <0001
Vitamin B6 (mg) 1494084 149+084 09982 103038 1.94+092 <0001 1.02+037 1.95+093 <0001
Vitamin B12 (mg) 6.98::6.95 696675 0.7924 420+287 968859 <0001 43283 96383 <.0001
Folate (mcg) 3874826297 3865426485 0767 2506311295 52432%29681 <0001 2507211122  52226+301.74 <0001
saturated fatty acids (gm) 17.32£14.45 174721407 03847 11.767.49 2287%1732 <0001 1191£7.42 2303x1671 <0001
monounsaturated fatty acids (gm) 2145%163 21531553 06867 1405%7.1 2884%1928 <0001 1423708 288241804 <0001
polyunsaturated fatty acids (gm) 1324879 13339 0.4635 876397 17.73£993 <0001 883395 17821031 <0001
Cholesterol (mg) 283124297 28457429289 06941 1862915885 37993%36393 <0001 18985%16084 3792735744 <0001
Total fat(X) 26.19%7.94 2628+19 03418 2369%7.7 2868+7.36 <0001 2387781 2869722 <0001
energy (kcal) 1921029053 19302891685 04146 145248+4275 238953+100864 <0001 1459.35+:42543 2401.11%1027.99 <0001
MET 410471 41024707 07725  4034+6388 41.74%7.25 <0001 4024%6.78 41.79+7.26 <0001
Male 10420(48.73) 4395(47.95) 02162 5169(48.34) 5251(49.11) 02648 2166(47.27) 2229(48.64) 01911
stomach_cancer_hx 463(217) 203(2.21) 0.7844 216(202) 2470231 0.1455 90(1.96) 113(2.47) 0.1029
colorectal_cancer_hx 294(1.37) 134(1.46) 05519 135(1.26) 159(1.49) 0.1589 62(1.35) 720157) 0.3849
lung cancer_hx 97(0.45) 52(057) 0.1908 51(0.48) 46(0.43) 06105 22(0.48) 30(0.65) 0.2662
liver_cancer_hx 17(0.08) 13(0.14) 0.1108 6(0.06) 1.1 02251 7(0.15) 6(0.13) 07811
breast_cancer_hx 280(1.31) 128(1.4) 05425 138(1.29) 142(1.33) 08105 62(1.35) 66(1.44) 0.7227
prostate_cancer_hx 147(0.69) 55(0.6) 0.3883 68(0.64) 79(0.74) 03629 24(052) 31(0.68) 03442
cancer_hx 1683(7.87) 738(8.05) 05887 780(7.3) 903(8.44) 00018 348(7.59) 390(851) 0.1076
MIhx 178(0.83) 81(0.88) 06532 99(0.93) 79(0.74) 0.1321  50(1.09) 31(0.68) 00339
angina_hx 333(1.56) 133(1.45) 0.4885 160(1.5) 173(1.62) 04733 58(1.27) 75(1.64) 0.1379
stroke_hx 619(289) 236(2.58) 0.1207 338(3.16) 281(263) 002 127277 109(2.38) 02345
HF_hx 117(0.55) 56(0.61) 0.4951 62(0.58) 55(0.51) 05161 36(0.79) 20(0.44) 00319
heart _disease_hx 307(1.44) 133(1.45) 09165 164(1.53) 143(1.34) 0227 64(14) 69(1.51) 06632
DM_HX 1693(7.92) 716(7.81) 0.7563 840(7.86) 853(7.98) 0.7435 357(7.79) 359(7.83) 09404
gout_hx 621(29) 260(2.84) 0.7484 291(272) 330(3.09) 0.1125 133(29) 127(277) 0.7045
Asthma_hx §51(2.58) 255(2.78) 0.3038 274(2.56) 277(259) 08979 128(2.79) 127237 0948
chronic_bronchitis_hx 114(0.53) 46(0.5) 0.7294 44(0.41) 70(0.65) 00146 19(0.41) 27(0.59) 02373
coffee intake 18048(84.4) 7816(85.28) 0.0491 8789(82.2) 9259(86.59) <0001 3801(82.96) 4015(87.61) <0001
tea intake 17013(79.56) 7220(78.78) 0.124 7912(74) 9101(85.11) <0001 3336(72.81) 3884(84.75) <0001
nxt161:Medication for diabetes 1312(6.14) 549(5.99) 06274 656(6.14) 656(6.13) 09986 288(6.29) 261(569) 02336
nxt165:Medication for Depression 4221.97) 194(2.12) 04138 218(204) 204(1.91) 04906 123(268) 71(1.55) 0.0002
nxt169:Health conditions for the past month
1=Best 1308(6.12) 528(5.76) 0.1498 623(5.83) 685(6.41) 0.0024 252(5.5) 276(6.02) 0.1614
2=Somewhat Better 3559(16.64) 1561(17.03) 1699(15.89) 1860(17.39) 747016.3) 814(17.76)
3=Good  12366(57.83) 5217(56.92) 6204(58.02) 6162(57.63) 2619(57.16) 2598(56.69)
4=Not So Good 3530(16.51) 1562(17.04) 1838(17.19) 1692(15.82) 801(17.48) 761(16.6)
5=Not good 376(1.76) 193(2.11) 20101.88) 175(1.64) 106(2.31) 87(1.9)
nxt177heart failure (waking up stifling at night) 349(1.63) 182(1.99) 0.0301 150(1.4) 199(1.86) 00082 88(1.92) 94(2.05) 06543
nxt178:Heart failure (coughing or breathing is a zee 1547(7.23) 681(7.43) 05452 726(6.79) 821(7.68) 00122 318(6.94) 363(7.92) 00736
nxt179:Heart failure (swelling of the legs after the evening) 2273(10.63) 994(10.85) 05744 1145(10.71) 1128(10.55) 0.7043 497(10.85) 497(10.84) 09971
nxt180:Heart failure (no lWl‘Mml 14961(69.96) 6364(69.44) 03623 7508(70.22) 7453(69.7) 04061 3192(69.66) 3172(69.21) 06389
nxt188:Current smoking situation : 4317(20.19) 1902(20.75) 0.2831 2288(21.4) 2029(18.98) 00001 985(21.5) 917(2001) 00825
nxt230:Physical and physkcl (anorexia)
1=no/little  17430(81.51) 7483(81.65) 02252 8543(79.9) 8887(83.11) <0001 3721(81.21) 3762(82.09) 04466
2= was once (17 2days) 3242(15.16) 1345(14.68) 1734(16.22) 1508(14.1) 684(14.93) 661(14.42)
3= often were(3-4days) 501(2.34) 226(247) 289(2.7) 212(1.98) 114(249) 112(2.44)
4=There was always (almost every day) 212(0.99) 1ma2n 126(1.18) 86(0.8) 6301.37) 48(1.05)
nxt231:Mind and Body (Yu- domninq)
12586(58.85) 5419(59.13) 02546 6153(57.55) 6433(60.16) <0001 2669(58.25) 2750(60) 00026
2= was once (I zdnys) 6732(31.48) 2822(30.79) 3382(31.63) 3350(31.33) 1402(30.6) 1420(30.98)
3= often were(3-4days) 1366(6.39) 587(6.4) 754(7.05) 612(5.72) 313(6.83) 274(5.98)
4=There was always (almost every day) 701(3.28) 337(3.68) 403(3.77) 298(2.79) 198(4.32) 139(3.03)
nxt232:Mind and body (troublesome)
1=no/little 10907(51) 4644(50.67) 0.9064 5277(49.35) 5630(52.65) <0001 2308(50.37) 2336(50.97) 0.0001
2= was once (17 2days) 8139(38.06) 3495(38.13) 4104(38.38) 4035(37.73) 1696(37.01) 1799(39.25)
3= often were(3-4days) 1576(7.37) 694(7.57) 856(8.01) 720(6.73) 383(8.36) 311(6.79)
4=There was always (almost every day) 763(357) 332(362) 455(4.26) 308(2.88) 195(4.26) 137(2.99)
nxt233:Mind and body (insomnia)
1=no/little  13771(64.4) 5770(62.96) 0.1142 6936(64.87) 6835(63.92) 00209 2940(64.16) 2830(61.75) 01223
2= was once (17 2days) 5635(26.35) 2509(27.38) 2783(26.03) 2852(26.67) 1216(26.54) 1293(28.21)
3= often were(3-4days) 1280(5.99) 566(6.18) 600(5.61) .36) 271(591) 295(6.44)
4=There was always (almost every day) 699(327) 320(3.49) 373(3.49) 326(3.05) 155(3.38) 165(3.6)
nxt234:Mind and body (satisfaction))
1=no/little 5959(27.87) 2438(26.6) 0099 3123(29.21) 2836(26.52) <0001 1269(27.7) 1169(25.51) 00012
2=was once (17 2days)  4217(19.72) 1821(19.87) 2234(20.89) 1983(18.54) 943(20.58) 878(19.16)
3= often were(3-4days) 4423(20.68) 1976(21.56) 2226(20.82) 2197(20.55) 988(21.56) 988(21.56)
4=There was always (almost every day) 6786(31.73) 2930(31.97) 3109(29.08) 3677(34.39) 1382(30.16) 1548(33.78)
nxt235:mind and body (lonely)
1=no/little  17463(81.66) 7489(81.71) 04339 8573(80.18) 8890(83.14) <0001 3672(80.14) 3817(83.29) 0.0004
2= was once (17 2days) 2928(13.69) 1218(13.29) 1543(14.43) 1385(12.95) 647(14.12) 571(12.46)
3= often were(3-4days) 623(291) 280(3.06) 354(3.31) 269(252) 157(343) 123(2.68)
4=There was always (almost every day) 31(1.73) 178(1.94) 222(2.08) 149(1.39) 106(2.31) 72(1.57)
nxt236:the mind and body (everybody is unfriendly))
1=no/litle  17446(81.58) 7436(81.13) 0.7619 8734(81.69) 8712(81.47) 0788 3717(81.12) 3719(81.15) 0.999
2= was once (17 2days) 3067(14.34) 1344(14.66) 1525(14.26) 1542(14.42) 672(1467) 672(14.66)
3= often were(3-4days) 607(2.84) 262(2.86) 295(2.76) 312(292) 132(2.88) 130(2.84)
4=There was always (almost every day) 265(1.24) 123(1.34) 138(1.29) 127(1.19) 61(1.33) 62(1.35)
nxt237:Mind and body (fun))
1 4779(22.35) 2067(22.55) 06137 2557(23.92) 2222(20.78) <0001 1101(24.03) 966(21.08) <0001
2= was once (17 2days) 6055(28.31) 2600(28.37) 3257(30.46) 2798(26.17) 1373(29.97) 1227(26.77)
3= often mn(a-«m) 5664(26.49) 2465(26.9) 2715(25.39) 2949(27.58) 1194(26.06) 1271(27.73)
4=There was always (almost every 4887(22.85) 2033(22.18) 2163(2023) 2724(25.47) 914(19.95) 1119(24.42)
nxt238:Mind and body (ud))
14355(67.13) 6100(66.56) 0.5685 7117(66.56) 7238(67.69) 00047 3019(65.89) 3081(67.23) 0.1239
2= was once (I' 2days) 5684(26.58) 2451(26.74) 2839(26.55) 2845(26.61) 1243(27.13) 1208(26.36)
3= often were(3-4days) 915(4.28) 418(4.56) 497(4.65) 418(391) 207(4.52) 211(46)
4=There was always (almost every day) 431(202) 196(2.14) 239(224) 192(1.8) 113(247) 8301.81)
nxt239:The mind and body (everyone hates thomuhm)
17238(80.61) 7416(80.92) 0.1763 8570(80.15) 8668(81.06) 0.1581 3689(80.51) 3727(81.32) 05883
2= was once (I" 2days) 3486(16.3) 1453(15.85) 1769(16.55) 1717(16.06) 744(16.24) 709(15.47)
3= often were(3-4days) 463(2.17) 189(2.06) 242(2.26) 221(207) 99(2.16) 90(1.96)
4=There was always (almost every day) 198(0.93) 1070117 11101.04) 87(0.81) 50(1.09) 57(1.24)
nxt240:(The mind and body (work is out of hand))
1=no/little  17161(80.25) 7325(79.92) 07273 8532(79.8) 8629(80.7) 00139 3676(80.23) 3649(79.62) 02415
2= was once (17 2days) 3476(16.25) 1496(16.32) 1755(16.41) 1721(16.09) 724(158) 772(16.84)
3= often were(3-4days) 502(2.35) 229(25) 258(2.41) 244(2.28) 116(2.53) 113(2.47)
4=There was always (almost every day) 246(1.15) 115(1.25) 147(1.37) 99(0.93) 66(1.44) 490107)
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Summary

[Background]Evidence-based medicine (EBM) involves determining treatment that matches the needs of each
patient by integrating the best and latest available "scientific evidence" and "clinical skills". Systematic review
and meta-analysis refers to the process of searching databases and performing statistical analysis to integrate the
results of multiple independent studies conducted in the past. These results obtained provide the highest quality
evidence, which has become the foundation of various clinical guidelines. The objectives of this project are to
reduce the time required to perform a systematic review by employing artificial intelligence (Al) and to improve
the precision of the method.

We aimed to identify particular people those who have benefited from salt intake at high risk of 5-year
mortality by Artificial Intelligence. This approach takes into account the role played by differences in genetics,
epigenetics, the microbiome and other environmental factors including but not limited to other nutrients,
environmental toxicants, pharmaceuticals, disease status, and physical activity.

[Methods]The objectives and planned outcomes of this project are to reduce the time required to perform a
systematic review by employing artificial intelligence (Al) and to improve the precision of the method.
[Results]By using Al software, the aim is to make comprehensive searches of medical articles for reviews 10
times faster compared to the current speed.

[Conclusion]The results of this study could provide significant benefit by facilitating the acquisition of new

evidence for clinical guidelines in all disease fields as well as salt intake.

Key words: Artificial intelligence, Systematic Review, Life-related diseases.



